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What is a Multiple Regression Model, and what do we mean by its Significance
and Confidence Interval?

1. Multiple Regression Model refers to a predictive modelling technique using which the relationship
between multiple independent variables and a single dependent variable can be determined. Let us
represent the independent variables by ‘X1, X2, X3,..., Xn’ and the dependent variable by ‘Y’. We
can represent the Multiple Regression Model by the equation “Y = g0+ S1X1+ 2X2+ 83X3+ ...+
BnXn + €”. Here, ‘50, 51, 52,53, ..., Bn’ represent regression coefficients and ‘e’ represents error term.

2. To determine the significance of the generated model we can analyze the following parameters asso-
ciated with the model -

e Residual standard error - A measure of the deviation of predicted values from the actual values. If
residual standard error is zero, then there is probably an overfitting situation.

e R-squared - It is a measure of the proportion of variability in predicted values that can be explained
using model’s inputs. The value should be as high or close to one as possible for best fit.

— Multiple R-squared - It represents the percentage of the variance of the generated model intact
after subtracting the error of the model.

— Adjusted R-squared - Tt gives an adjusted value of R-squared by increasing R-squared only when
a newly added term in the model improves the model’s fit; otherwise R-squared is reduced.

e p-value - Summary function performs an F-test on the generated model and compares it to a model
that has fewer parameters. Theoretically, a model with more parameters should fit better, and hence
the p-value should be as low as possible and very near to absolute zero.

3. Confidence Interval of a regression model represents the difference between the upper and lower
limit of the predicted values for each data point.

Null Hypothesis (H,)

There is a relationship between sepal length, sepal width, petal length & petal width, and species of iris.

Introduction

The purpose of this experiment is to create a multivariate linear regression model fitted over the dataset
“iris”. This dataset contains the measurements in centimeters of the variables sepal length and width and
petal length and width, respectively, for 50 flowers from each of 3 species of iris. After successfully creating
the model, we calculate its significance and confidence interval.



Procedure

Step by step procedure to conduct the required experiment -

Splitting the dataset for training and testing

Normalizing data

Labelling species

Creating a linear regression model and predicting species
Plotting predictions against actual values

Calculating the significance of the generated model
Calculating the confidence interval of the generated model

oot e

Code and Results

Data used for analysis

## R has a predefined dataset with the name "iris"
# To know more about the dataset type "?iris” im the console

Splitting the dataset for training and testing

# 1) Creating Training and Testing data from "iris" dataset
# 1.1) Generating Random Numbers
set.seed(100)
# 1.2) Creating sample for splitting dataset
Sample <- sample(nrow(iris),0.7*nrow(iris))
# 1.3) Training dataset containing 707 of data
Training <- iris[Sample,]
# 1.4) Testing dataset containing 307 of data
Testing <- iris[-Sample,]

Normalizing data

# 2) Normalizing data
# 2.1) Normalizing training data
Training[,1:4] <- scale(Training[,1:4])
# 2.2) Normalizing testing data
Testing[,1:4] <- scale(Testingl[,1:4])

Labelling species

# 3) Labelling species
# 3.1) Labelling species for training data
Training$Species <- as.integer(factor(Training$Species))
# 3.2) Labelling species for testing data
Testing$Species <- as.integer(factor(Testing$Species))



Creating a linear regression model and predicting species

# 4) Creating a Linear Regression model and predicting values
# 4.1) Applying Linear Regression
Model <- 1m(Species~Sepal.Length+Sepal.Width+Petal.Length+Petal.Width,
data = Training)
# 4.2) Predicting species
Prediction <- as.data.frame(predict(Model,Testing,interval =
'confidence'))

Plotting predictions against actual values

# 5) Plotting Predictions
plot(Testing$Species,main = "Actual v/s Predicted Species",ylab = "",
xlab = "",ylim = ¢(0.75,3.25))

# 5.1) Adding a line to represent Upper Limit of prediction

lines(Prediction$upr,lty = 1)

# 5.2) Adding a line to represent Best Fit of prediction

lines(Prediction$fit,lty = 2)

# 5.3) Adding a line to represent Lower Limit of prediction

lines(Prediction$lwr,lty = 3)

# 5.4) Clipping legend to the figure region instead of the plot region

par (xpd=TRUE)

# 5.5) Adding a legend

legend("topleft",text.width = 7,legend=c("Actual","Upper Limit",
"Predicted","Lower Limit"),pch = c(1,NA,NA,NA) ,1lty = c(NA,
1,2,3) ,cex=0.8)

# 5.6) Setting and adjusting labels of z and y azes

title(ylab="Species",xlab="Index", line=2.25, cex.lab=1)
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Calculating the significance of the generated model

##
##
##
##
##
##
##
##
##
##
##
##
##
##
##
##
##
##
##

summary.1lm(Model)

# 6) The Significance of resultant Linear Model

Species ~ Sepal.Length + Sepal.Width + Petal.Length +

Max

3Q

0.10227 0.49154

t value Pr(>ltl)
93.353 < 2e-16 *x*x*
.213 0.029196 *
.887 0.377148
.467 0.000777 **xx*
.046 2.57e-08 *xx*

Call:
Im(formula =

Petal.Width, data = Training)
Residuals:

Min 1Q Median
-0.61283 -0.14650 0.01088
Coefficients:

Estimate Std. Error
(Intercept)  1.99048 0.02132
Sepal.Length -0.11995 0.05421
Sepal.Width -0.02640 0.02975
Petal.Length 0.39106 0.11279
Petal.Width  0.50396 0.08335
Signif. codes: 0 'x*x*x' 0.001 '*x'

0.01 'x' 0.06 '." 0.1 " "1




## Residual standard error: 0.2185 on 100 degrees of freedom

## Multiple R-squared:

## F-statistic: 346.8 on 4 and 100 DF,

0.9328, Adjusted R-squared:
p-value: < 2.2e-16

0.9301

Calculating the confidence interval of the generated model

##
##
##
##
##
##
##
##

# 7) Confidence Interval
# 7.1) Printing Confidence Interval values
print (Prediction$upr-Prediction$lwr)
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.22822536
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# 7.2) Plotting Confidence Interval

plot(Prediction$upr-Prediction$lwr,main

title

Interval
0.20 0.25

0.15

0.10

"b",ylab = ””,Xlab = ||||)
# 7.3) Setting and adjusting labels of z and y azes

(ylab = "Interval",xlab="Index", line=2.25, cex.lab=1)
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Conclusion

The generated model is the best model for the prediction of iris species as the multiple R-squared and
adjusted R-squared values are close to one. Also, the p-value is significantly low and near to
zero. The residual standard error is non-zero; hence there is no overfitting.

We accept our Null Hypothesis as we can observe a clear relationship between sepal length, sepal width,
petal length & petal width, and species of iris.
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